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ã
(j)
k,n , 1

)

and α
(j)
k,n, k ∈K

(j)
n−1 , j ∈ {1, . . . , J} according to (33), (34)

MEASUREMENT EVALUATION:
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ITERATIVE DATA ASSOCIATION:
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MEASUREMENT UPDATE:

• (for agent) Calculate γ
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BELIEF CALCULATION:

• (for agent) Calculate q(xn) according to (46)
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PRUNING:
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ã
(j)
k,n, 1

)

and q̃
(j)
k,n, k ∈K

(j)
n , j ∈ {1, . . . , J}

(for processing at next time step n+1)

DETECTION AND

ESTIMATION

see next page
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, j ∈ {1, . . . , J} (from previous time step n−1)

PHD FILTER PREDICTION:

• Calculate λu
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PHD FILTER UPDATE:
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DETECTION AND ESTIMATION

AGENT STATE ESTIMATION:

• Calculate agent state estimate x̂n according to

(27) with f(xn|z1:n) replaced by normalized q(xn)

x̂n

PF DETECTION/STATE ESTIMATION:

• For all j ∈ {1, . . . , J}, determine set K̂
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